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Summary Insights: Enhancing Data Quality with AI/ML  
RFG Perspective: The sad fact is that the quality of digital data is poor and the vast 
majority of executives are willing to live with it. Historically, this has been acceptable; 
however, companies are starting to re-purpose the data for AI/ML analyses. Unfortunately, 
most existing corporate data has one or more biases embedded into the records. Re-
purposing of the data can result in lawsuits. Executives must finally recognize that data is 
a critical corporate asset and can no longer be an afterthought.  
	
INTRODUCTION	
	
Data	quality	has	always	been	a	challenge	for	organizations	and	is	becoming	more	
problematic	given	the	disparity	of	applications	served,	data	types,	geolocations,	
hierarchies,	and	schemas.	Confronting	data	quality	issues	requires	that	the	five	
components	of	data	quality	be	addressed:	completeness,	consistency,	accuracy,	
validity,	and	timeliness.		
	
A	clear	majority	of	employees	(87%)	peg	data	quality	issues	as	the	reason	that	their	
organizations	failed	to	successfully	implement	AI	and	machine	learning	(ML).		
	
Recent	studies	have	demonstrated	that	the	primary	data	quality	problems	are	
inconsistency,	poor	labeling,	lack	of	metadata,	poor	quality	controls,	and	missing	
information.	The	challenge	increases	when	one	is	dealing	with	Big	Data	and	its	
volume,	variety,	velocity	components,	and	the	fact	that	the	data	manifests	in	either	
structured	or	unstructured	forms.	AI	and	ML	are	not	yet	a	panacea	for	every	
organization’s	business	intelligence	(BI)	issues;	however,	available	solutions	can	
alleviate	the	effort	required	and	improve	the	quality	of	an	enterprise’s	datasets.	
	
	
RFG	100	Panelists	and	Insights	from	Participating	RFG	100	Executives	
	
On	Apr.	7,	2021,	Robert	Frances	Group	facilitated	an	RFG	100	video	conference	
entitled	“Enhancing	Data	Quality,	Integrity,	and	Security	with	Machine	Learning.”		
	
The	panelists	on	the	call	were:	
	

• Tom	Redman,	President,	Data	Quality	Solutions		
• Theresa	Kushner,	Consultant,	NTT	Data.	
• Carissa	Shafto,	Head	of	Data	and	Analytics,	Brightfield	
• Sunil	Murthy,	Data	and	AI	Offerings	Strategy,	IBM		

	
POLL	RESULTS	
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RFG	100	executives	were	polled	about	the	shift	to	using	AI/ML	to	improve	data	
quality.	We	found	the	following	results	in	the	polling	data:	
	

• Investments	in	AI/ML	tools.	Nearly	60%	of	the	respondents	stated	they	have	
not	yet	invested	in	the	use	of	AI	or	ML	tools	to	improve	data	quality.	

• Uneven	data	quality.	Half	of	the	respondents	said	they	trusted	most	of	their	
data	sources	to	have	a	high	level	of	quality,	while	a	third	were	unsure	of	the	
quality	and	17%	of	respondents	were	confident	about	the	quality	of	all	of	the	
data	sources.		

• Data	scientists	are	not	ubiquitous.	One-third	of	the	respondents	said	their	
firms	have	no	data	scientists,	while	another	17%	say	they	have	no	access	to	
the	data	scientists.		

• Need	for	more	data-scientist	specialization.	Fewer	than	20%	of	the	
respondents	said	their	data	scientists	are	completely	trained	for	their	
positions	and	tasks	at	hand,	and	the	same	percentage	stated	they	have	access	
to	these	data	scientists.		

	
The	Problem	with	Data	
	
A	dirty	secret	that	most	enterprises	hide	is	that	their	data	quality	is	“acceptable”	at	
best	and	therefore	is	not	well-suited	for	AI/ML	project	usage.	Most	enterprises	deal	
with	incomplete	or	inaccurate	data	as	a	standard	practice	–	and	most	of	it	all	starts	
with	the	source	of	the	data	collection.	The	individuals	who	are	tasked	with	collecting	
the	data	do	not	view	it	as	their	primary	concern	–	i.e.,	they	are	not	evaluated	on	that	
component	of	their	job	–	and	therefore,	they	do	not	treat	the	task	seriously.	It	
becomes	subservient	to	what	they	view	as	their	prime	tasks,	such	as	interacting	
with	the	customer	in	real-time.		
	
There	is	also	a	view	that	data	quality	is	an	IT	responsibility.	IT	may	have	
responsibility	for	the	datasets	–	but	IT	is	not	responsible	for	the	creation,	update	or	
deletion	of	individual	records.	That	responsibility	belongs	to	the	business	units.	
Thus,	one	group’s	data-input	failure	cannot	become	another’s	problem	to	fix.	Rather,	
it	is	usually	the	responsibility	of	the	originating	business	owner.	This	fact,	which	is	
not	frequently	recognized,	means	that	fixing	the	“bad-data”	problem	is	a	
management	problem	that	must	be	addressed	at	the	highest	levels	of	the	
organization.		
	
The	second	flaw	with	corporate	data	is	that	it	tends	to	be	biased,	which	is	to	be	
expected.	If,	for	example,	one	is	only	interested	in	high-net-worth	customers,	then	
the	data	will	reflect	that	bias,	including	potential	biases	in	age,	co-morbidities,	
gender,	location,	race	or	other	factors.	By	itself,	this	is	not	an	issue,	but	it	becomes	
one	when	the	data	is	re-purposed	for	other	uses	for	which	it	was	not	originally	
intended	at	the	time	of	data-collection.		
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Data	must	be	fit-for-purpose	–	or	it	could	result	in	a	significant	corporate	brand	or	
legal	exposure.	This	begs	the	questions:	who	is	responsible	for	recognizing	the	
inherent	bias,	and	how	should	it	be	fixed?		
	
At	the	start	of	the	21st	century,	there	was	an	effort	to	put	data	stewards	in	place.	
These	data-stewards	were	to	be	responsible	for	data	management	and	the	creation	
of	a	data	dictionary.	The	purpose	of	the	data	dictionary	was	to	provide	a	description	
of	data	in	business	terms,	as	well	as	information	about	the	data,	such	as	data	types,	
details	of	structure,	and	security	restrictions.		
	
Today,	20	years	on,	less	than	10	percent	of	enterprises	recognize	and	maintain	
formal	data-stewardship	roles,	according	to	a	recent	Dataversity	Trends	in	Data	
Governance	and	Data	Stewardship	report.	Therefore,	as	companies	continue	to	
curate,	extract,	govern,	and	utilize	data	for	multiple	purposes,	other	individuals	
must	step	up	–	and	take	responsibility	for	data	quality.	
	
Data	Scientists	and	Making	Data	a	Team	Sport	
	
While	the	term	“data	scientist”	has	been	around	since	1974,	the	actual	corporate	
hiring	explosion	did	not	occur	until	2009,	when	the	world	was	recovering	from	the	
2008-2009	economic	crisis.	Recent	studies	have	shown	that	due	to	the	poor	quality	
of	data,	data	scientists	spend	50	–	85	percent	of	their	time	extracting,	cleaning,	
correcting,	and	curating	data	so	that	it	can	be	repurposed.		
	
This	diversion	has	kept	a	majority	of	data	scientists	from	stepping	up	to	their	
responsibility,	which	is	to	understand	the	data	at	a	far	deeper	level.	They	need	to	
understand	the	variable	bias	nuances	that	exist	in	the	data	before	they	decide	to	use	
the	datasets	in	their	models.	Otherwise,	the	results	of	their	analysis	would	be	
skewed	or	incorrect,	thereby	creating	undesirable	business	outcomes.	
	
But	this	burden	cannot	be	entirely	placed	on	the	data	scientists.	Data	architects,	data	
engineers,	and	business	analysts	need	to	come	together	as	a	team.	And,	like	any	
team,	these	data-focused	teams	are	only	as	good	as	their	weakest	player.	So,	
everyone	needs	to	be	on-board	for	improving	data-quality,	including	those	in	the	
business	units	who	initially	create	many	of	the	data	records.	
	
Together	they	need	to	understand	the	data	definitions	currently	in	use	–	which	can	
vary	by	business	unit	–	and	define	the	use	cases	and	criteria	relative	the	specific	
problem	they	are	trying	to	solve	with	AI/ML.		
	
Only	a	team	approach	will	enable	the	use	of	AI/ML	models	for	the	improvement	of	
data	quality	so	that	it	does	not	have	inherent	biases.		
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This	approach	requires	a	corporate	cultural	change.	Everyone	needs	to	be	
committed	to	ensuring	that	data	–	a	critical	corporate	asset	–	is	of	high	quality	and	is	
appropriately	tailored	for	each	purpose	where	the	data	is	leveraged.	This	will	
require	education	throughout	the	organization,	because	people	will	need	to	accept	
that	data	quality	is	an	important	part	of	their	job-performance	plan.			
	
Data	Models	and	the	Future	of	Data	
	
Development	of	AI	models	works	differently	than	many	other	aspects	of	traditional	
software	development.	Artificial	intelligence	(AI)	and	machine	learning	(ML)	
programs	are	algorithms	written	as	code,	but	the	real	output	of	those	
programs/algorithms	are	the	data	that	the	algorithm	uses	to	be	trained.	In	fact,	data	
models	must	be	trained,	and	optimized,	in	order	to	yield	the	best	analytics	results.		
	
AI/ML	programs	are	usually	too	inaccurate	for	general	release	as	soon	as	they	are	
created.	While	some	would	say	this	is	a	failure,	it	is	not,	because	AI	failures	are	a	
part	of	learning	and	to	be	expected.	The	modelers	create	a	hypothesis	and	then	they	
do	experimentation	based	on	that	hypothesis.	The	purpose	of	each	“sprint”	that	uses	
the	gathered	data	is	to	learn	now	it	works,	so	that	the	model	can	be	tweaked.	Thus,	
the	outcomes	of	models	depend	upon	the	inputs.	That	is	why	the	process	of	training	
a	data	model	is	an	iterative	process	that	is	repeated,	again	and	again,	until	the	model	
is	good	enough	for	general	use.	(The	training	of	data	models	for	electric	cars	is	just	
one	example	of	how	this	works).	
	
One	nice	aspect	of	machine	learning	is	that	it	actually	classifies	the	data,	creates	the	
metadata,	generates	a	glossary	with	terminology,	and	assigns	these	data	sets	based	
on	this	terminology.	Separately,	these	steps	could	be	long	projects	by	themselves	–	
and	they	might	not	get	done	at	all	if	executives	reviewing	the	projects	do	not	see	the	
return	on	investment	(ROI).	
	
Furthermore,	one	should	note	that	before	any	AI/ML	program	goes	live,	executives	
should	ensure	that	there	is	no	bias	in	the	algorithm	or	the	data	–	the	inputs	and	the	
outputs.	This	requires	reviews	by	business	analysts	and	governance	staff,	in	
addition	to	reviews	by	the	data	scientists.	This	three-way	review	cycle	should	be	
sufficient	to	validate	that	the	data	and	model	are	acceptable	for	business	purposes.		
	
Because	the	AI/ML	program	development	model	tends	to	be	lengthy	and	has	a	
number	of	barriers	to	success,	the	project	fail	rate	is	very	high	–	in	the	80	percent	
range.	One	of	the	participants	pointed	out	that	this	does	not	have	to	be	the	case.	For	
one	of	its	healthcare	clients,	the	modeling	team	delivered	a	minimum	viable	product	
(MVP)	in	four	weeks’	time,	while	using	a	half	a	million	(500,000)	records.	Their	
customer	was	able	to	auto-classify	and	auto-label	the	data	and	to	generate	a	
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glossary.	However,	the	first	generally	usable	product	took	another	six	weeks	to	
produce.		
	
The	participants	in	this	RFG100	event	also	noted	that	one	can	score	data	to	improve	
data-quality	results.	With	this	approach,	enterprises	have	the	ability	to	gauge	the	
quality	of	existing	data,	and	to	find	out	whether	or	not	curated	data	is	fit	for	re-
purposing	for	other	types	of	general	business	usage.		
	
RFG POV:  Data is a critical corporate asset. In order for data to be truly leverageable 
throughout the organization, the data quality needs to be improved. This is not just an IT 
challenge, but a business challenge. If business executives want to be able to harness 
corporate data using AI/ML algorithms, they will need to make data quality a priority 
throughout the organization, which will be a major cultural change for many. Business and 
IT executives must learn to appreciate the value of corporate data, to develop a strategy 
for maximizing its value, and then to implement a data-quality plan throughout the 
organization.  
	
Additional	relevant	research	and	consulting	services	are	available.	Interested	readers	
should	contact	Client	Services	to	arrange	further	discussion	or	interview	with	Mr.	Cal	
Braunstein,	CEO	and	Executive	Director	of	Research.	Jean	S.	Bozman,	President	of	Cloud	
Architects	Advisors	LLC,	co-authored	this	report.	
–--------------------------------------------------------------------------------------	


